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CORPORATE MANAGEMENT OF FINANCIAL AND
MARKETING SUPPORT FOR CLUSTER-BASED
STARTUP ENTREPRENEURSHIP IN TRADE
WITHIN AN INNOVATION-DRIVEN ECONOMY

ABSTRACT

This research study elaborates on the theoretical and methodological aspects of the
adaptive management of financial and marketing tools for retail startup clusters within
the context of a knowledge- and innovation-based economy. It establishes that opti-
mizing corporate support for startups does not always depend on investment funding;
rather, it is primarily determined by a top manager's ability to adapt to changing market
conditions through scaling, sales dynamics, and the effective allocation of available re-
sources. The study substantiates the need for neural network modeling to forecast the
optimal scaling of retail startups and to formulate policies for their continued support.
It details the set of input indicators for neural network modeling that constitute the
startup's system of economic, social, financial, and marketing tools. Using scenario mod-
eling, the study evaluates the necessary avenues for marketing and financial support
for startups operating in an unstable environment. It provides a detailed characteriza-
tion of the concept of “neural network sensitivity to corporate support”, a metric used
to forecast the financial resources required for a startup's effective development. Finally,
the study demonstrates that investment should be directed not only toward startups
with high profitability but also toward emerging enterprises where such investment fos-
ters the long-term growth of specific financial indicators, thereby enabling the creation
of operational reserves to safeguard against potential bankruptcy. Scenario-based op-
tions for potential management actions — specifically regarding scaling, adaptive sup-
port, and reactive marketing are proposed to ensure the startup's continued effective
operation. These options lay the groundwork for startups to make an adaptive transition
from traditional, steady development to a reactive model within a cluster-based retail
network.

Keywords: adaptive entrepreneurship, startups, neural networks, modeling, corporate
support, management, economics, trade, clusters, finance, innovation, profitability,
marketing, external environment

JEL Classification: L81, M10, G32, 033

INTRODUCTION

The growth of the knowledge economy places particular emphasis on the need to de-
velop startups in the retail sector, as these ventures act as engines for innovative digital
solutions, modernized sales tools, new marketing channels, and optimal customer en-
gagement mechanisms. However, a high level of innovation within a startup does not
guarantee its successful progression through all stages of its lifecycle. Startups com-
monly face severe financial constraints, volatile consumer demand, exorbitant market-
ing costs, scaling challenges, and a lack of adequate corporate support. In this context,
cluster groupings take on special significance, offering unique access to scarce financial,
social, human, and marketing resources that would be difficult for an individual startup
to secure on its own.

Corporate management plays a pivotal role here, enabling the assessment of a startup's
potential and determining the scope, type, and timing of support required to ensure its
effective development. Within this study, corporate management is defined as a system
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of managerial decisions implemented by a parent company or cluster coordinator to allocate financial and marketing
resources among startups. This decision-making entity determines investment priorities, the intensity of marketing support,
and the feasibility of scaling entrepreneurial initiatives.

The conventional startup assessment practices that analyze marketing, production, financial, or other management activ-
ities are applicable to linear cluster development models but are unsuited to current conditions. In this context, the use of
neural network modeling is significant, as it allows us to move beyond viewing a startup merely as a linear phenomenon
and instead determine the potential for its future development. These aspects formed the methodological basis of our
research, which focuses on identifying effective predictive tools for managing the resources of early-stage enterprises. At
the same time, we recognize the immense challenges involved in corporate governance, particularly within trade clusters
and startups. Management tools in this sphere have long since evolved beyond mere investment or social support
measures; the agenda now includes the need to test specific startup clusters against harsh market realities. A balanced
approach to determining the level of investment required to sustain the cluster's viability is particularly crucial. Such support
must be fully aligned with various cluster development trajectories, as irrational financial backing can lead to a failed
experiment for both the investor and the trade startup cluster as a whole.

LITERATURE REVIEW

Corporate governance issues regarding startup development are extensively addressed in academic literature. For instance,
Roper and Grimes (2005) conducted in-depth research on financing innovation and identifying ways to boost productivity.

Wonglimpiyarat and Khaemasunun (2015), Shumilova et al. (2023), and Baporikar (2017) examined key aspects of forming
innovation clusters and processes for improving cluster communication, paying particular attention to measuring social
entrepreneurship and human capital.

Building on this work, Farinha and Bagchi-Sen (2018) demonstrate the need to strengthen the competitiveness of high-
tech economic sectors through startups and small businesses by comprehensively implementing innovations, knowledge,
and new technologies.

Duginets et al. (2023) strongly advocate for a knowledge-based economy, with Hu et al. (2022) specifically highlighting
the territorial distribution of such knowledge. Krammer (2017) emphasizes that tangible results can be achieved through
smart specialization and by generating economic benefits for startup founders.

Kowalski (2022) examines the subject through the lenses of regionality and the stimulation of innovative development.
Researchers led by Audretsch et al. (2019) advocate for the active expansion of cluster policy across all entrepreneurial
sectors, highlighting the need for business adaptation.

Mazur et al. (2021) distinguished themselves through unconventional approaches, employing a wide range of tools to drive
innovation and enhance enterprise performance. Richardson (2024) investigates the role of social entrepreneurship in
shaping an innovative cross-border environment.

Prokopenko et al. (2021) examine models for managing clustering and marketing processes, linking cluster-related issues
with market development management mechanisms. Yang et al. (2015) identifies economic clusters as a tool for aligning
economic and spatial policies.

Wessner and Howell (2017) use the example of a high-tech cluster to explore the potential of smart specialization and the
concentration of innovation resources.

Prylipko et al. (2021) investigate the modeling of regional innovation management, taking into account financial-credit,
human resource, and foreign economic factors. Shenkoya (2025) analyzes the role of innovation clusters in fostering
sustainable development and demonstrates how their performance depends on the institutional and economic environ-
ment.

Tiwari (2026) examines the institutional and legal prerequisites for entrepreneurial growth in emerging markets. Purdenko
et al. (2023) explore the financial management of innovative entrepreneurship and highlight the importance of financial
mechanisms for implementing innovation initiatives.

Ferilli et al. (2026) analyze the interrelationship between FinTech transformations, corporate strategies, and the perfor-
mance of financial institutions, demonstrating the growing role of technological factors in corporate governance. Mykhai-
lichenko et al. (2021) examine competitive strategies for business process management in the context of digitalization.
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Putera et al. (2022) provide a comprehensive systematization of the scholarly discourse regarding science, technology,
and innovation within national innovation systems. Balanovska et al. (2021) substantiate the use of marketing management
as a factor in ensuring enterprise competitiveness, which is crucial for shaping the marketing component of startup support.

Researchers such as Palacios-Hernandez et al. (2026) and Voznyuk et al. (2022) demonstrate that the digital environment
drives significant transformations in innovative business, compelling enterprises to adapt and evolve.

This diverse landscape of scholarly discourse underscores the high relevance and importance of the issue we have chosen
to address, particularly in the context of Ukraine, where startups operate amidst an unstable external environment. Par-
ticular relevance to this study is attributed to research on startup financing, marketing resource allocation, corporate cluster
governance, and the application of machine learning methods to entrepreneurial development forecasting.

AIMS AND OBIJECTIVES

The aim of the article is to develop an adaptive methodological framework for the corporate governance process—utilizing
financial and marketing support tools within the startup sector of the trade industry, employing scenario-based and neural
network modeling.

To achieve this aim, the study involves:

= identifying the specific features of establishing corporate support for startups within a trade cluster;
= formulating a system of financial, marketing, and market parameters for neural network modeling;
= developing a model to forecast startup scaling potential;

= determining startup sensitivity to changes in financial and marketing support;

= formulating scenarios regarding the impact of corporate resources while substantiating appropriate management
decisions for the future development of the startups.

METHODS

The research methodology is based on a combination of neural network modeling, scenario analysis, and corporate man-
agement tools. The study adopts a conceptual and methodological approach, with scenario calculations based on hypo-
thetical startup indicators to illustrate the potential application of neural network modeling in assessing financial and
marketing support. Further empirical testing will require real-world data, specification of the neural network architecture
and training parameters, and evaluation of predictive accuracy using an independent test dataset. Unlike traditional startup
valuation based on a set of static financial ratios, the proposed approach focuses on establishing a non-linear relationship
between a startup's current state, the intensity of its financial and marketing support, and its projected scalability within
a trade cluster. Within the proposed framework, a cluster is considered a network of interconnected startups, trade enter-
prises, investors, and infrastructure partners sharing resources and common economic interests. Cluster interaction is
represented through the intensity of partnership ties and resource exchange, while actual cluster structures and member-
ship criteria require further empirical examination. The object of modeling is defined as a trade-oriented startup operating
within a corporate or cluster environment and accessing financial, marketing, informational, and partnership resources:

X =(F,M,SG,CR,RR,CG,0M, CI),

where F represents investments raised by startups; M represents marketing expenditures; SG represents the dynamics of
consumer demand; CR represents the conversion of customer leads into purchases; RR represents the rate of repeat
purchases; CG represents changes in the customer base; OM represents the operating margin; and CI represents the
speed of interaction among startup participants.

In this context, the speed of startup implementation will be measured on a scale of 0 to 1:
Pscale = fNN(X).
The hidden layers enable the detection of non-linear interdependencies between resource provision and the market char-

acteristics of startups, while the output layer generates a forecast of their scalability. Model training is based on retrospec-
tive observations of startup projects, with the dataset divided into training, validation, and test subsets. A key feature of
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the proposed approach is that the resulting forecast is not viewed as the final outcome of the analysis. For each startup,

after determining the baseline value P alternative scenarios of corporate resource impact are modeled. Four scenar-

0
scale’
ios are envisaged: maintaining the current resource configuration; increasing financial support; enhancing marketing sup-
port; and simultaneously increasing both components.

To determine a startup's response to additional resources, the concept of neural network sensitivity to corporate support
is introduced. For the financial component, this is defined as:

SF=p F+ 0 )
scale scale

and for the marketing one:

sM=pM*t _p 0
scale scale

Thus, corporate governance is more predictable and effective when a startup's resources are allocated purposefully.

RESULTS

The corporate governance system for startups should not follow a traditional model based on the classic allocation of
innovations and investments. It is essential to consider that startups develop amidst harsh external conditions, a reality
particularly evident in the retail sector, where consumer preferences shift rapidly. Consequently, any uncontrolled market
impulse could lead to a catastrophic outcome for the cluster itself. Therefore, there is a need to establish a logic for
evaluating the retail cluster’s strategy using neural network modeling.

Table 1. Evaluation of the retail cluster strategy using neural network modeling.

Parameter Economic substance Managerial purpose
Financial support Corporate resources allocated to startup development Determining funding adequacy
Marketing expenses Resources for promotion and customer acquisition Assessing the pace of market development
Sales growth Commercial performance trends Identifying market acceleration
Conversion rate Conversion of marketing activity into purchases Evaluating the quality of customer acquisition
Repeat purchases Customer retention after the initial transaction Determining demand stability
Customer base growth Expansion of market reach Assessing growth potential
Operating margin Financial performance of current operations Monitoring economic viability
Cluster intensity Utilization of cluster partnership opportunities Evaluating startup integration

Let us represent this process as a system of interconnected, synchronous, and phased actions.

Scenario-based neural network modeling

To facilitate the practical application of the model, it is proposed to conduct repeated neural network forecasting following
scenario-based adjustments to financial and marketing support parameters. The baseline forecast characterizes the
startup's prospects under current conditions, whereas alternative forecasts reflect its potential response to managerial
intervention. Scenario testing involves a 10% increase in the respective type of corporate support to assess startup sensi-
tivity to changes in financial and marketing resources. The 10% scenario adjustment was selected to ensure comparability
of results under a moderate change in financial and marketing resources. Future research should extend the scenario
analysis to alternative adjustment levels (£5%, £10%, and £20%) to assess the robustness of the results. This scenario
serves not as a universal funding standard, but rather as a standardized experimental intervention required to compare
the responses of different startups (Table 2).
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Table 2. Corporate support scenarios for startups.

Scenario Change in funding Change in marketing support Managerial appointment
Baseline 0% 0 % Determining the initial outlook

Financial +10 % 0% Identifying the reaction to additional capital
Marketing 0 % +10 % Identifying the reaction to market activation
Combined +10 % +10 % Assessing the combined resource effect

It is advisable to focus not on the absolute forecast value following a resource increase, but rather on the gap between
the baseline and scenario-based forecasts. This gap reflects the startup's latent capacity to respond to corporate support.
Notably, financial and marketing sensitivities may differ significantly. If SF > SM, a lack of financial resources can be
considered the primary constraint on the project's development. Conversely, if SM > SF, intensifying market activity be-
comes the priority. If both metrics are low, a mechanical increase in resources is ill-advised and necessitates a prior revision
of the startup's business model.

Testing the neural network model

To demonstrate the possibilities of the proposed approach, a model population of startups representing various directions
of innovations in trade was formed. The values of the indicators at this stage have a scenario-model nature and are used
for approbation of methodological tools, and not for characterizing the actual activity of specific companies. The calcula-
tions in the table were performed using the formulas described in the article's methodology. The forecast values for the
four hypothetical startups were constructed as illustrative scenario-based estimates reflecting potential differences in re-
sponses to financial and marketing support rather than as outputs of an empirically trained neural network. These values
demonstrate the calculation logic of sensitivity indicators and facilitate comparisons between alternative managerial sce-
narios. Four conditional startup projects were used for testing: RetailAl, focused on intelligent personalization of sales;
SmartShelf, which develops digital solutions for retail space and inventory management; MarketFlow, aimed at automating
the interaction of sellers with digital sales channels; LoyaltyTech, specializing in personalized customer loyalty technologies
(Table 3).

Table 3. Results of scenario neural network prediction.

Startup Baseline forecast +10% funding +10% marketing +100/:nianrlf(i:t?:;e and

RetailAl 0.68 0.72 0.80 0.85
SmartShelf 0.57 0.71 0.61 0.75
MarketFlow 0.49 0.54 0.56 0.60
LoyaltyTech 0.76 0.79 0.83 0.87

The results demonstrate fundamentally different reactions among the startups to identical resource inputs. For RetailAl,
marketing sensitivity is more pronounced: increased marketing support raises the forecast from 0.68 to 0.80, whereas
additional funding raises it only to 0.72. Thus, the key constraint for this project in the model scenario is not a lack of
capital, but insufficient intensity of market promotion. Conversely, for SmartShelf, financial reinforcement yields the great-
est impact, raising the forecast from 0.57 to 0.71. On this basis, the management of financial and marketing support
becomes selective. It is advisable to focus RetailAI on marketing intensification and SmartShelf on financial reinforcement;
MarketFlow requires a revision of key business model elements prior to further investment, whereas for LoyaltyTech, the
priority shifts to the organizational support of scaling and the expansion of its cluster connections. The proposed managerial
decisions are illustrative, as they are based on hypothetical scenario indicators and demonstrate the potential for differen-
tiated allocation of corporate resources. Their practical effectiveness requires further verification using empirical data from
real startups.

A practical outcome of the proposed approach is the creation of a neural network profile representing a startup's resource
response. This profile can be updated regularly as new data on sales, customers, expenses, and corporate support out-
comes becomes available. This transforms the neural network model from a one-off analytical tool into a component of
the corporate system for managing a startup portfolio.
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Generating scenario-based forecasts does not, in itself, resolve the challenges of corporate management. The increased
probability of scaling—resulting from an injection of funds or an expanded marketing budget—-must be weighed against the
volume of additional resources required to achieve that outcome. An identical projected gain can hold vastly different
managerial value depending on whether a startup requires only a modest amount of additional funding or a significant
expansion of corporate support. To address this issue, the concept of the marginal resource productivity of corporate
support for a startup is proposed:

- PS-Plag)
MRPi =~y &,
M
1A 1A

where MRPi [s the marginal resource productivity of supporting the i-th startup,; P(i) Is the baseline projected scaling
probability; Pf Is the projection under the selected scenario; g? Is the projected sales growth rate under the scenario; F(i)

and M ? are the baseline volumes of financial and marketing support; and AFi and AMi are their scenario-based increases.

Unlike simple neural network sensitivity, this indicator characterizes not only the forecast's response but also the produc-
tivity of the corporate resource intervention. A high value indicates that a relatively small change in resource allocation is
accompanied by a significant improvement in the scaling forecast and commercial dynamics. For example, for SmartShelf,
a combined scenario raised the baseline projection from 0.57 to 0.75. If financial and marketing support increase by 10%
and the projected sales growth in the scenario is 18%, then:

MRPSmartshel — 075 057)(1+018)
martShelf = 0.10 + 0.10

= 1.062.

For MarketFlow, given a similar increase in resources, a forecast of 0.60 versus a baseline of 0.49, and a projected sales
growth of 9%:

MR MarketFloy — 0600491 +009)
ariettitow = 0.10 + 0.10 = UO0E

Thus, even with an identical relative increase in corporate resources, the projected productivity for SmartShelf is nearly
1.8 times higher. This establishes an additional basis for prioritizing resources within the corporate startup portfolio.

The effect of financial-marketing complementarity

Under certain conditions, their combined use can generate an effect that cannot be explained merely by the sum of the
two separate impacts. To assess this, a neural network complementarity coefficient for corporate support has been pro-
posed:

PF— P(.)+ PM—PQ
i i i i

FM

where P ; Is the forecast given a simultaneous increase in financial and marketing support; Pf Is the forecast under the

financial scenario; and Pl‘l,/l is the forecast under the marketing scenario.

If KNC > 1, the combined impact exhibits signs of resource synergy. A value close to unity indicates a predominantly
additive effect of the resources. If KNC < 1, the simultaneous expansion of both types of support yields a lower result
than would be expected based on their individual effects. The proposed indicators of marginal resource productivity and
financial-marketing complementarity represent relative analytical measures of additional resource effectiveness and the
interaction between support components. Their economic interpretation depends on the normalization of input parameters,
while the robustness of the resulting estimates requires further assessment across different scales of resource adjustments.
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For RetailAl:

KNC = 0.85— 0.8 = 1.063
" (0.72-0.68) + (0.80 — 0.68) ~

Thus, for RetailAl, a positive complementarity between financial and marketing support is observed. In contrast, for
SmartShelf:

KNC = 075-957 = 1.000
~ (0.71-0.57) + (0.61—0.57)

In this case, the combined scenario is virtually equivalent to the aggregate effect of the two separate resource inputs. This
implies that there is no need for SmartShelf to automatically combine both forms of support; corporate management can
focus primarily on the financial component, which drives the bulk of the projected growth. This result leads to an important
principle for corporate management: financial and marketing support for a startup should not be increased in tandem
simply because both have a positive impact on its development. A simultaneous increase in resources is justified primarily
when the model reveals complementarity between them.

Corporate priority of startups

Next, we adapt the calculations using the example of a startup operating in the trade sector of the economy:

P * MRPi x KNCi*(1+ CIi)
1+ 6i ’

CPi =

where CPi is corporate governance efficiency; Pi is optimal business scale planning; MRPi is the permissible resource limit;
KNCi is the integration index; CIi is the permissible interaction limit; and Oi Is the permissible network margin of error.

In this case, for the first cluster, the forecast is 0.85, MRP = 0.92, KNC = 1.063, the permissible participant synergy is
0.72, and the margin of error is 0.08. Then:

. 0.85* 0.92 *1.063 * (1 4+ 0.72)
CPRetailAl = = 1.324.
1+ 0.08

For MarketFlow with P’;=0,60, MRP=0,60, KNC=0,917, €I=0,48 Ta 6=0,13:

0.60 * 0.60 % 0.917 * (1 + 0.48)
CPMarketFlow = = 0.433.
1+0.13

The results and evaluation of the forecast, including the detailed validation mechanism, are presented in Table 4.

Table 4. Forecast evaluation and validation of cluster grouping and interaction.

*

Startup P; MRP KNC CI 6 cpP Corporate solution
RetailAl 0.85 0.92 1.063 0.72 0.08 1.324 Combined support with a marketing focus
SmartShelf 0.75 1.062 1.000 0.65 0.07 1.228 Priority financial reinforcement
MarketFlow 0.60 0.60 0.917 0.48 0.13 0.433 Business model refinement
LoyaltyTech 0.87 0.71 0.917 0.81 0.06 0.966 Cluster scaling

To ensure consistent interpretation of the results, Table 4 specifies the projected scaling level (P), marginal resource
productivity (MRP), complementarity coefficient (KNC), cluster interaction intensity (CI), permissible error margin (8), and
corporate priority (CP). All indicators are presented in accordance with the proposed calculation framework. A high volume
of partnership interactions, unaccompanied by a corresponding resource-driven impact, should not serve as a standalone
justification for continued funding.
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Thus, within the proposed approach, neural network modeling serves not merely to mechanically rank startups, but to
facilitate digital experimentation with corporate decisions prior to the actual allocation of resources. Management gains
the ability to pre-test various financial and marketing impact scenarios, assess the strength of a specific project’s response,
identify resource interaction effects, and — only then — justify the configuration of support. This enables the concept of a
startup’s neural-network resource-response profile to be augmented with three characteristics: resource productivity, fi-
nancial-marketing complementarity, and corporate priority. Together, these form a far more robust foundation for man-
aging cluster-based startup entrepreneurship than the mere one-off forecasting of scaling probability. The primary focus
of the corporate decision shifts from the startup itself to its projected capacity to transform a specific configuration of
corporate resources into a new quality of entrepreneurial growth.

DISCUSSION

The results of this study expand upon existing concepts in the scientific literature regarding the cluster environment as a
space where entrepreneurial, financial, technological, and market opportunities are concentrated. Specifically, Baporikar
(2017) links the cluster approach to entrepreneurship development, while Audretsch et al. (2019) emphasize the impact
of cluster policy on enterprise performance and the emergence of cross-industry spillover effects.

Our calculations align with the reasoning of Hryshchenko et al. (2023), who detailed changes in entrepreneurial structures.
However, our research has deepened the analysis by examining the logic of cluster corporate governance in the context
of marketing support, an aspect absents from the aforementioned scholar's work.

Aranchii et al. (2022) proposed a high-level synergy of comprehensive business assessment tools, while Purdenko et al.
(2023) investigated innovation management during periods of shock. While we share these authors' views, we emphasize
that we approached the issue from the perspectives of proactivity and turbulence, an angle not found in any existing
studies. Building on these authors' findings, our study extends existing approaches by incorporating managerial proactivity
and external environmental turbulence into the assessment of financial and marketing support for startups.

Our analysis of marketing tools is fully consistent with the work of Balanovska et al. (2021), who demonstrated the rela-
tionship between marketing and enterprise competitiveness. Our findings advance the understanding of support mecha-
nisms for startup entrepreneurship in the trade sector, a topic not previously addressed in academic literature.

In our view, Prokopenko et al. (2021) failed to effectively integrate startups and clusters with marketing tools. Our article
addresses this gap by successfully incorporating marketing tools into startup business processes.

CONCLUSIONS

The scientific novelty of the study lies in developing a conceptual and methodological framework for corporate manage-
ment of financial and marketing support for cluster-based startup entrepreneurship, integrating scenario modeling, re-
source sensitivity assessment, and corporate priority identification. Applying these concepts makes it possible to determine
which specific resource — financial, marketing, or a combination thereof can drive the most significant change in a specific
startup's projected trajectory.

To deepen the assessment, the study proposes determining the marginal resource productivity of corporate support, the
neural network complementarity of financial and marketing impacts, and the startup's projected corporate priority status.
This made it possible to distinguish between a startup’s overall prospects and the advisability of allocating additional
corporate resources to its development. High projected scalability does not necessarily imply a need for increased support,
whereas a startup with modest current metrics may demonstrate significantly higher resource productivity.

Scenario-based testing confirmed that startups respond differently to identical changes in resource allocation. For some
projects, additional funding is the decisive factor for growth, while for others, it is the intensification of marketing support;
conversely, a weak response to both types of resources indicates a need to revise the business model.

The findings are conceptual and methodological in nature, relying on illustrative scenarios rather than empirically validated
forecasts of real startup performance. The practical application of the proposed approach requires further testing on a
representative sample of enterprises using actual financial and marketing indicators. Using scenario modeling, the study
evaluates the necessary avenues for marketing and financial support for startups operating in an unstable environment.
It provides a detailed characterization of the concept of “neural network sensitivity to corporate support”, a metric used
to forecast the financial resources required for a startup's effective development. Finally, the study demonstrates that
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investment should be directed not only toward startups with high profitability but also toward emerging enterprises where
such investment fosters the long-term growth of specific financial indicators, thereby enabling the creation of operational
reserves to safeguard against potential bankruptcy.

Scenario-based options for potential management actions — specifically regarding scaling, adaptive support, and reactive
marketing are proposed to ensure the startup's continued effective operation. Processes for improving human resource
management, as well as retraining and professional development, could serve as avenues for further research. Overall,
future research should also focus on expanding case studies regarding the recruitment of young people with technical
backgrounds into trade startups, thereby enhancing digitalization within the trade sector.
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Llesyenrko O., Tapacerko O., HeceHrok €., AnimoB P., JinteuHeHko O., CBUCTYH A.

KOPMOPATUBHWUIA MEHEM)XMEHT ®IHAHCOBO-MAPKETUHIOBOI NIATPUMKW KNACTEPHOIO
CTAPTANNIANPUEMHULTBA B TOPTIBJ1I B IHHOBALIMHIA EKOHOMILI

Y HayKkoBOMY AOCAiAXEHHI KOHKPETU30BaHO TEOPETMKO-METOAMYHI acneKkTW afanTMBHOMO KepyBaHHS (iHAHCOBO-MapKeTu-
HrOBMMMU iIHCTpYMEHTaMu CTapTanknacTepiB TOpriBesibHYX NiANPUEMCTB B YMOBAX PO3BUTKY EKOHOMIKM 3HaHb Ta iHHOBaLlil.
3'coBaHo, L0 ONTMMI3aLlisi KOpnopaTMBHOI NIATPMMKM NiANPUEMCTB-NOYATKIBLIB HE 3aBXAW 3a/1€XUTb Bif iHBECTULLIHOMO
3abe3neyeHHs1, a NepeBaXxHO BU3HAYAETLCA BMIHHSAM TONYNpPaBiHUA adanTyBaTUCS A0 3MiH PUHKOBOI KOH'IOHKTYpU Yepes
MaclwTabyBaHHS, AMHAMIKY NMPoAaXxis i BAANOro po3noginy HasBHUX pecypciB. OBrpyHTOBaHO HEOOXIAHICTb BUKOPUCTAHHS
HelpoMepeXeBOro MOAENoBaHHS 3 METOI MPOrHO3yBaHHS OLINbHOrO MaclTabyBaHHs po3apibHux cTapTanis i opmy-
BaHHS MONITMKM iX NOAANbLIOT NIATPUMKM. [leTanizoBaHO CyKyMHICTb BXiAHWX MOKA3HWKIB ANsi HEMPOMEPEXEBOIO MOAENO-
BaHHS, 5IKi DOPMYIOTb CUCTEMY EKOHOMIYHUX, coLianbHMX, DIHAHCOBMX i MapKeTUHIOBKX IHCTPYMEHTIB cTapTany. 3acobamu
CLIEHApHOr0 MOAENIOBAHHS 3AIMCHEHO OUIHIOBAHHSI HEOBXIAHWX HaMpsMIB 411 MAapKETUHIOBOI Ta (hiHAaHCOBOI NiATPUMKM
CTapTaniB B YMOBAX HeCTabiflbHOro oTouYeHHs. [eTanizoBaHo Ta HagaHO I'PYHTOBHY XapaKTEPUCTUKY KaTeropii Heilpome-
pexxeBOoi YyTAMBOCTI A0 KOPMOPaT1BHOI NIATPUMKK, pe3yfibTaToOM SKOi € MPOrHO3yBaHHS HEO6XiAHOI KinbKOCTi diHaHCOBMX
pecypciB ans epekTMBHOIO po3BUTKY CTapTany. [JoBeeHO, WO HalbiNbllue iHBECTULINHE CNpsIMyBaHHS CNifl HanpaBnsTH
He NIMLLe Ha CTapTanW, siki MaloTb BWUCOKi MOKa3HMKM MpUOYTKOBOCTI, @ M Ha Mosodi MiANPUEMCTBA, A€ Taki iHBeCTuuii
3abe3nevyaTb TPMBaE 3POCTAHHSA OKpeMUX (iHAHCOBMX MOKA3HWKIB, HEOOXIAHUX NSl CTBOPEHHS onepauiiHuX pe3epsiB
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nianpyveMCTBa Ha BUNaAok 6aHKPyTCTBA. 3anponoOHOBAHO CLiEHapHi BapiaHTV MOX/IMBUX YNPABRIHCLKUX Al LWOAO MacLu-
TabyBaHHS, afdanTUBHOI MiATPUMKM, PEaKTMBHOIO MapKETUHIY, sIKi HeobXigHi ana noaanbworo eekTMBHOrO (yHKLIOHY-
BaHHs cTapTany. Taki BapiaHTV CTBOPIOKOTb MIAPYHTS ANS aAanTMBHOMO rnepexofy CTapTaniB Bid TpaauuiiHO-CTanoro
PO3BUTKY, 4O PEAaKTUBHOIO B MEXaX KnacTepHOi TOProBesbHOI Mepexi.

KnwouoBi cnoBa: aganTvBHe MiANPUEMHULTBO, CTapTanu, HeWpoMepexi, MOAENOBaHHS, KOpropaTMBHA NiATPUMKa,
MeHeIXXMEHT, eKOHOMIKa, TOPriB/sl, KnacTepu, giHaHcK, iHHOBaLi, NPUOYTKOBICTb, MAapPKETMHT, 30BHILLHE CepefoBULLE
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